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https://www.armedprevention.co.uk/news/whitepaperai

The Frailty Conundrum ARMED
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Frailty as an abnormal health state
(Loss of physiological reserve)

FUNCTIONAL ABILITIES

“Minor illness”
IndegShdent l eg tJTI

Frailty Risk o
specific stratification
tools tools

Clegg, Young, lliffe, Olde-Rikkert, Rockwood. Frailty in elderly people. Lancet 2013; 381: 752-762



Polar Device Data Metrics ARMED
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Body Composition Scales Data Metrics ARMED
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BC Scales

Body Fat (%) Muscle Mass Bone Mass

Body Mass Metabolic Age Body Water (%)
Index (BM)

Visceral Fat Daily Calorie Weight
Intake (DCI)




Strength Grips Data Metrics

Grip Strength Meter

Grip Strength Reading 1

Grip Strength Reading 2

Grip Strength Reading 3




Medication Adherence Management ARMED
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“What if we could identify issues like UTI’s
- prior to the person being diagnosed......”
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Fully managed by local pharmacies. Medications collected /
delivered directly to the individual

Provides an audible and visual prompt to the user with which
medication number to be taken

Alerts configured per person with where the “non adherence”
messages are sent

Provides data for future use within the ARMED analytics
to identify common but problematic issues such as UTlI's

25% increase in adherence seen to data



What is the effect of the Environment?

Using LoRa WAN ARMED
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Alerts Raised
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E-Frailty — CM2000 Pilot Report

Loreburn Housing
Assoclation / NHS
Dumfries & Galloway

E-Frailty — CM2000 Pilot Report

(Nithsdale Mills & JM Barrie House)

Rollout of ARMED
commenced in May 2018




ARMED use Within Loreburn HA ARMED
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* Reported falls since May 2018 (reported as @ May 2019) where ARMED not deployed

Number of Reported Falls Number of Unique Individual Fallers GP Visit Ambulance Called Social Care Package Instigated
Sheltered Development 1 30 9 11 16 9
Sheltered Development 2 13 5 2 3 3
Sheltered Development 3 9 5 2 2 3
Sheltered Development 4 7 3 0 0 0
Total 59 22 15 21 15

e Establishments 1-4 (where ARMED has yet to be deployed), there has been 59 reported falls in this timeframe of
22 unique people

e There has been a lot of statutory service involvement of GP callout’s, ambulances called, and packages of care
put into place. This has conservatively costed at approximately £200,000*

How many falls has there been within Sheltered Z E RO I | I
Development 5 where ARMED has been deployed? -
e In development 5 where we have the ARMED solution rolled out there has been zero falls. The cost of the ARMED
solution over the same period would be approximately £8,000

e The ARMED solution in this example would represent a significant return in investment in the region of 25: 1 save to
spend ratio
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Source: Dr Christine McArthur - NHSH Co-ordinator
Prevention and Management of Falls, NHS Highland (2019)



Ward Observation A&B October 2018
Percentage time activity for 4 patients 1000 hrs to 1600 hrs ARMED

ADVANCED RISK MODELLING FOR EARLY DETECTION

S0.0

20.0 m furniture walking

0.0 m getting up
minbed

m sleeping
mwalking

N went to bed

m Went to wilet

A & B consistent with national data for inactivity in hospital



y Steps Taken

Motal Steps by Date
SK

ARMED
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Sleep Hours

Sleep Hrs by Date
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Inactivity Stamps

Sum of Inactive Stamps by Date
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ARMED Data Visualisation of

Previous Faller ARMED
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When the ARMED flag would have been raised. 32 days in advance of when person fell ARME
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