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Dr. Diane Gutiw holds a PhD in Medical Information Technology Management where she
conducted doctoral research on medical Al/expert system solution modeling and adoption as
well as a certification in Medical Al from Harvard Medical School. Diane is the Vice President
leading the Global Al Research Centre which provides thought leadership on Al best practices
and guardrails.

Diane is being engaged by organizations to assist in better understanding their data through
data science, Al and Machine Learning to expand the scope of evidence-based decision-
makings. Diane focuses on building strategies for Al Ethics and Al Policy/Governance. is also
focused on designing models to develop guardrails for responsible use of Al. Diane is
currently the Co Chair of the Canadian Government Al Council as well as an advisor to the EU
Al Commission Plenary advising on the Code of Conduct for the EU Al ACT.
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https://www.researchgate.net/figure/Reflection-of-the-development-history-of-AI_fig2_350296216

Al Technology Continuum

Traditional Today Tomornrow
AL

Human-Like

“Early” Machine Learning Deep Learning Multi-Modal (AGI)
e.g., Decision trees used in credit e.g., Recurrent Neural e.g., Generate synthetic e.g., Automatically perform full
scoring to assess the risk of loan Networks used to discover financial transaction data to market analysis, and accurately
applications patterns in stock market data to train more robust fraud prediqdt global and local market

automate trading decisions. detection Neural Networks movements

Financial, Insurance Sectors Risk

Banking, Healthcare, Insurance and Manufacturing Document and Image Processing

Banking, Insurance and Healthcare Letter Generations, Human Like Chatbots, Code Generation Use Cases, Digital Triplets, Self Healing, QA Agents
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If we consider information
curation is the same as
water systems ..

We can only trust the safe
ingestion of information
with transparency,
regulation and ongoing
auditing.
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Al is just a tool ..

...and we need to make sure the new tools like LLMs are useful
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As a tool LLMs provide great service ..

Generation

Reduction

Transmutation

Knowledge
Access

Emergent
Behaviors

Capabilities:

*  Synthetic Data

* Metadata

*  Synthetic images

» Citizen support

*  Expert advice

» Scenario Risk Modeling
* Personalized Planning
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Capabilities:

* Real time risk assessment
* Fraud detection

* Client Case summarization
» Citizen support

*  Expert advice
Personalized training
Knowledge Management

Capabilities:

* Language translation

* Regulatory compliance
* Analytics and BI

» Citizen support

*  Written communications
«  Situation analysis

* Best practice advice

Internal

Capabilities:

Access to knowledge base
Historical trends analysis
Regulatory compliance advice
Planning to local requirements
Validation of strategy

RAG model support
Institutional knowledge

Capabilities:

* Regulatory planning

* Financial impact analysis

+ Case Management

*  Operational efficiency

* Information quality validation
+ Deidentification and redaction
Cybersecurity enhancements



Extend your data investment with Al Triplet
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Looking at Al as a tool opens the door for Agentic Al

Agentic Al refers to Al agents that collaborate autonomously to achieve specific goals needed to fulfill a more
complex request from the human initiator, much like a group of skilled assistants.

The clinician provides a single natural language instruction to
agents fine-tuned on Oncology and Clinical Trials: “What is
the most appropriate clinical trial for Mr. Smith based on his
comorbidities, and what are the current requirements and
outcomes for similar patients in that trial?”

The Orchestrator Al agent understands the request and
assigns the task to different agents to:

* Retrieve the information from data, spreadsheets on
SharePoint and relevant documentation for the time
period and SBUs

« Validate the response for correctness

* Calculate the response with knowledge of relevant data
and models

« Generate image graphs along with the text response
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Response includes
additional questions
that may be of interest
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The Human-Agent Partnership Framework ecosystem

LXM
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an Al agent
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Functional agents
Examples:

Cost management
Web research
Secure storage

Record processing

Interactions

Agent ecosystem
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Operational agents
Examples:

Security

Monitoring
Transparency

Logging

1 1
Human i Sl il W :

collaboration

Orchestration Layer (Optional)
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| asked GPT what is coming next?
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Everyone: Al art will make designers obsolete

Al accepting the job:

Al Is not ready to take
anyone’s job .. but let’s
design the tool to be
really good intern(s)!
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Discussion/Questions
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